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Initialization Methods for Neural Networks in Evolutionary Robotics
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This paper investigates the methods for setting initial values to the weights of neural networks in evo-

lutionary robotics.

Three types of initialization methods are employed, one is the standard random

initialization method and the others are based on the feature of output for a node of neural networks

according to the input dimensions. Goal reaching problem is employed for a robotics control problem.

The results ran contrary to expectations.
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Fig. 1: Sigmoid function
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Fig. 2: Two-dimentional input space

Fig. 3: Gradients of sigmoid function
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Fig. 4: Experimental setup for a simulated environ-

ment
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Fig. 5: Number of the proximity sensors equipped

with a mobile robot
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Fig. 7: Maximum fitness for each generation with Shimodaira’s method and Yamada’s method





