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An Evolutionary Autonomous Mobile Robot with
An On-line Model Update Mechanism
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One of advantages of evolutionary robotics over other approaches in embodied cognitive science
would be its parallel population search. Due to the population search, it takes an unrealistically long
time for some kinds of task to evaluate all robot in a real environment. Thus, a technique of computer
simulation is one of the most important topics in evolutionary robotics. However, a simulated robot
must be synchronously consistent with the real one during its evolution for achieving appropriate
behavior. In this paper, we propose an update method of a simulated robot based on distributions
of a real robot’s displacements during evolution, and investigate whether an evolved robot shows

appropriate behavior.
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Fig. 1: Evolution based on on-line model update
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Fig. 4: Omni-directional image plane
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Fig. 5: Displacement of a mobile robot
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