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Approximation of NK Fitness Landscape by Neural Networks with Back Propagation

Naoto Ohshima ', Yoshiaki Katada (Setsunan University)

Abstract: One of the advantages of evolutionary computations over other approaches in metaheuristics

would be its parallel population search. Due to the population search, it takes a long time to evaluate an

entire population in certain problems. Thus, such techniques as to shorten the time have been required.

In this study, we conduct a series of computer simulations with the NK fitness functions, tunably rugged

landscapes, in order to investigate whether neural networks with back propagation can approximate

those functions according to the degree of ruggedness.
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