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Basic Study on the Evolution of Autonomous Mobile Robot Applied On-line Model Updata
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Evolutionary robotics has gathered the interest of researchers in embodied cognitive science in recent years.
In this approach, some kind of tasks require long time to evolve the system in the real environment. From a
practical point of view, however, it would be efficient to shorten the executive time in the real environment. In
this paper, we conduct a preliminary experiment where a neural controller for an autonomous mobile robot with
vision sensor is evolved in the simulated and real environment bilaterally. Those simulated environments are
initialized and updated using the relevant data for the interaction between the robot and the real environment.
The results demonstrate that the number of fitness evaluations in the real environment could be reduced due

to the evolution in the simulated environment.
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